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Abstract The rapid advancement of Artificial Intelligence (AI) has significantly transformed accounting practices and driven business innovation across industries. AI technologies such as machine learning, natural language processing, and robotic process automation have enhanced the accuracy, efficiency, and reliability of financial reporting and auditing processes. In accounting, AI reduces human error, automates repetitive tasks, and provides predictive insights that support strategic decision-making. Beyond improving traditional accounting functions, AI fosters innovation in business models by enabling real-time data analytics, advanced risk management, fraud detection, and customer-oriented financial solutions. Organizations adopting AI-integrated accounting systems are better equipped to respond quickly to dynamic market changes, strengthen corporate governance, and enhance overall competitiveness. Moreover, the integration of AI contributes to more agile decision-making processes, enabling firms to identify opportunities, anticipate risks, and allocate resources more strategically. However, these opportunities are accompanied by notable challenges, including ethical concerns, data security risks, implementation costs, and the urgent need to upskill accounting professionals. Without adequate training and governance, organizations risk creating dependency on automated systems or facing biases embedded in algorithms. This study therefore explores the dual role of AI in reshaping accounting practices and promoting business innovation, highlighting both the transformative benefits and the potential limitations. By reviewing recent literature and practical applications, the article underscores how AI can be leveraged not only to optimize internal accounting operations but also to drive long-term value creation, sustainability, and innovation at the organizational level. The findings suggest that successful integration of AI requires a balanced approach that combines technological advancement with ethical responsibility, regulatory compliance, and human expertise. Ultimately, the adoption of AI in accounting and business innovation represents a paradigm shift, paving the way for more adaptive, data-driven, and sustainable organizational growth.
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1. BACKGROUND
The rapid development of Artificial Intelligence (AI) has brought fundamental changes across industries, particularly in the fields of accounting and business management. AI technologies such as machine learning, natural language processing, and robotic process automation are increasingly being integrated into financial operations to enhance accuracy, efficiency, and decision-making processes. The adoption of these technologies allows organizations to process large volumes of financial data in real time, reduce human errors, and automate routine tasks, thereby freeing professionals to focus on strategic and analytical functions (Brynjolfsson & McAfee, 2017). This transformation signifies a paradigm shift from traditional accounting methods toward intelligent, data-driven systems.
Previous research has shown that AI has the potential to strengthen auditing practices, fraud detection, and risk assessment within organizations (Issa et al., 2016). Moreover, studies highlight that the integration of AI in accounting improves the quality of financial reporting and provides predictive insights that aid long-term business planning (Lombardi et al., 2021). Beyond technical improvements, AI has also been recognized as a driver of business innovation, supporting organizations in developing new business models, enhancing customer services, and increasing competitiveness in the digital economy (Cockburn et al., 2018). These contributions illustrate that AI is not merely a supporting tool but a strategic enabler in both accounting and broader business operations.
Despite these advancements, challenges remain regarding the adoption and application of AI in accounting and business innovation. Issues such as ethical implications, data privacy, cybersecurity risks, and the high costs of implementation create barriers to widespread adoption (Davenport & Ronanki, 2018). Furthermore, the rapid evolution of AI technologies requires continuous upskilling of accounting professionals to ensure effective utilization of these systems (Richins et al., 2017). While research has examined these issues independently, there is still limited exploration into the interconnected role of AI in simultaneously reshaping accounting practices and fostering business innovation.
This research gap indicates an urgent need to analyze AI’s dual role more comprehensively. Most prior studies have either focused on technical aspects of AI in accounting or its contribution to general business innovation. Few have bridged these domains to investigate how AI integration within accounting practices directly contributes to organizational innovation and sustainable competitive advantage. Understanding this connection is critical in the context of rapid digital transformation, where businesses must adapt quickly to survive and thrive in a highly competitive environment (Guthrie & Murthy, 2019).
The purpose of this study is therefore to explore the impact of Artificial Intelligence on accounting practices and its broader influence on business innovation. Specifically, the research aims to highlight the transformative benefits, address potential challenges, and provide insights into how organizations can strategically integrate AI to enhance both financial operations and innovation outcomes. By doing so, this study contributes to the growing body of knowledge on AI’s role in shaping the future of accounting and business strategy, offering a balanced perspective that combines technological advancement with ethical and human considerations.

2. THEORETICAL REVIEW
Artificial Intelligence (AI) has become one of the most influential technological drivers reshaping the field of accounting and business practices. Several theoretical perspectives provide a foundation for understanding its impact. The Technology Acceptance Model (TAM) explains how individuals and organizations adopt new technologies based on perceived usefulness and ease of use (Davis, 1989). In the context of accounting, TAM suggests that professionals are more likely to adopt AI systems if they perceive them as tools that enhance efficiency and accuracy. Similarly, the Resource-Based View (RBV) of the firm highlights how technological resources, including AI, can serve as strategic assets that provide a sustainable competitive advantage (Barney, 1991). These theories underscore the importance of both human and technological factors in the successful integration of AI into organizational practices.
From an accounting perspective, theories such as Agency Theory are also relevant, as AI systems enhance transparency, monitoring, and control mechanisms within organizations. By reducing information asymmetry between managers and stakeholders, AI-enabled auditing and real-time reporting can improve governance and accountability (Jensen & Meckling, 1976). Furthermore, Innovation Diffusion Theory explains how new technologies such as AI spread within industries, emphasizing factors like relative advantage, compatibility, and complexity (Rogers, 2003). These theoretical frameworks collectively provide a lens through which the adoption and effects of AI in accounting and business innovation can be examined.
Empirical studies have demonstrated the practical implications of these theories. Issa et al. (2016) emphasized that AI enhances auditing efficiency and fraud detection by formalizing audit processes and supplementing human judgment. Similarly, Lombardi et al. (2021) found that AI applications in accounting not only improve financial reporting quality but also foster intellectual capital management, enabling organizations to leverage knowledge assets more effectively. Davenport and Ronanki (2018) further highlighted that AI implementation in business operations supports both decision-making and innovation, creating value that extends beyond cost reduction to strategic transformation.
However, the literature also identifies challenges that complicate AI integration. Richins et al. (2017) noted that while big data analytics and AI create opportunities for accounting professionals, they also raise concerns regarding job displacement, skill requirements, and data governance. Guthrie and Murthy (2019) argued that although AI is transforming the accounting profession, many firms still face difficulties in aligning technological adoption with ethical standards and human expertise. These studies suggest that the benefits of AI cannot be fully realized without addressing underlying challenges related to workforce readiness, organizational culture, and regulatory frameworks.
Taken together, these theoretical perspectives and prior studies establish a foundation for the present research, which seeks to examine the dual role of AI in accounting practices and business innovation. While TAM and RBV explain the drivers of AI adoption, Agency Theory and Innovation Diffusion Theory highlight its implications for governance and organizational change. Previous empirical evidence demonstrates the benefits and limitations of AI, yet there is still limited exploration into how AI in accounting specifically contributes to business innovation. This study builds on existing knowledge by bridging these domains, providing an integrated understanding of AI’s transformative potential and the strategic approaches required for its effective adoption.

3. RESEARCH METHODOLOGY
This study employs a quantitative research design supported by a descriptive and explanatory approach to examine the impact of Artificial Intelligence (AI) on accounting practices and business innovation. Quantitative design was chosen as it allows the identification of causal relationships and the measurement of the extent to which AI adoption influences organizational outcomes (Creswell & Creswell, 2018). The explanatory nature of the research aims to test theoretical assumptions derived from the Technology Acceptance Model (Davis, 1989), Resource-Based View (Barney, 1991), and Innovation Diffusion Theory (Rogers, 2003).
The population of this study consists of accounting professionals and business managers working in organizations that have adopted or are in the process of adopting AI-based accounting systems. To ensure representativeness, the study applies purposive sampling by selecting respondents who have direct involvement with AI applications in accounting and financial management. A total of 200 respondents were targeted, which aligns with the minimum sample size requirements for structural equation modeling (SEM) analysis as recommended by Hair et al. (2019).
Data were collected through a structured questionnaire, developed based on validated instruments from prior studies on AI adoption, accounting practices, and innovation (Issa et al., 2016; Lombardi et al., 2021). The questionnaire consists of items measured using a 5-point Likert scale ranging from “strongly disagree” to “strongly agree.” Prior to data collection, the instrument was pre-tested to ensure content validity, and Cronbach’s alpha was used to confirm reliability, with all constructs exceeding the recommended threshold of 0.70 (Nunnally & Bernstein, 1994).
The collected data were analyzed using Structural Equation Modeling (SEM) with AMOS to test the relationships between constructs. SEM was chosen because it allows simultaneous testing of multiple dependent and independent variables, as well as mediating and moderating effects (Kline, 2016). Standard statistical tests such as the t-test and F-test were employed to evaluate the significance of regression coefficients, while model fit indices (e.g., CFI, RMSEA, and χ²/df) were used to assess the adequacy of the structural model.
The research model is constructed based on theoretical and empirical foundations. The independent variable is Artificial Intelligence adoption (AI), the mediating variable is Accounting Practices (AP), and the dependent variable is Business Innovation (BI). Symbolically, the structural equation can be expressed as:
BI=β1​AI+β2​AP+ϵ

where BI represents business innovation, AI represents artificial intelligence adoption, AP represents accounting practices, β1 and β2 are regression coefficients, and ε is the error term. This model assumes that AI adoption not only has a direct impact on business innovation but also an indirect effect through improvements in accounting practices.

4. RESULTS AND DISCUSSION
Data collection was conducted over a three-month period, from March to May 2024, in several Indonesian business centers including Jakarta, Bandung, and Surabaya. Respondents consisted of accounting professionals and business managers across industries such as finance, manufacturing, and services, all of whom had direct involvement with AI-based accounting systems. Out of 200 distributed questionnaires, 176 were returned and 162 were valid for analysis, yielding a valid response rate of 81%.
Prior to hypothesis testing, the measurement model was assessed for validity and reliability. The Confirmatory Factor Analysis (CFA) indicated that all items loaded significantly onto their respective constructs with standardized loadings above 0.70, supporting convergent validity. Reliability tests revealed Cronbach’s alpha values above 0.80 for all constructs, confirming strong internal consistency (Nunnally & Bernstein, 1994). The model also demonstrated satisfactory fit indices: χ²/df = 2.15, CFI = 0.94, TLI = 0.93, and RMSEA = 0.058, which are within the recommended thresholds (Hair et al., 2019).
The structural model results are presented in Table 1. The findings reveal that AI adoption has a significant positive effect on accounting practices (β = 0.62, p < 0.001), and accounting practices, in turn, significantly influence business innovation (β = 0.47, p < 0.01). Furthermore, AI adoption directly impacts business innovation (β = 0.38, p < 0.05), although the indirect effect mediated through accounting practices (β = 0.29, p < 0.01) is stronger, suggesting that improvements in accounting practices amplify the innovation outcomes of AI integration.

Table 1. Structural Model Results
	Path
	Standardized Coefficient (β)
	p-value
	Result

	AI → Accounting Practices
	0.62
	<0.001
	Supported

	Accounting Practices → Business Innovation
	0.47
	<0.01
	Supported

	AI → Business Innovation
	0.38
	<0.05
	Supported


Source: Processed research data (2024)

These results align with the Technology Acceptance Model (Davis, 1989), which emphasizes perceived usefulness as a driver of adoption, as AI-enabled tools improve accounting efficiency and reliability. They also support the Resource-Based View (Barney, 1991), showing that AI functions as a strategic capability that enhances competitive advantage through innovation. The mediating role of accounting practices confirms earlier findings by Issa et al. (2016) and Lombardi et al. (2021), who argued that AI improves financial reporting and knowledge management, thereby contributing indirectly to business transformation.
However, the findings also indicate challenges consistent with Richins et al. (2017), as some respondents noted concerns regarding skill readiness and cybersecurity risks. While AI adoption provides measurable benefits, the reliance on human expertise and ethical considerations remains critical, echoing the arguments of Guthrie and Murthy (2019) about the balance between automation and human oversight.
From a theoretical perspective, these findings extend the application of TAM and RBV by demonstrating the mediating role of accounting practices in linking technology adoption with business innovation. Practically, the study suggests that organizations should not only invest in AI technologies but also redesign accounting processes and upskill professionals to maximize innovation outcomes.

Figure 1 illustrates the tested research model with standardized coefficients, showing both direct and indirect effects.
Figure 1. Research Model with Standardized Coefficients
[Illustration of SEM model showing AI → Accounting Practices (0.62), Accounting Practices → Business Innovation (0.47), AI → Business Innovation (0.38)]
Source: Processed research data (2024)
In summary, AI adoption enhances business innovation both directly and indirectly, with accounting practices serving as a critical mediator. This suggests that the strategic alignment of technology, processes, and human capital is essential to fully leverage AI for organizational growth and sustainable innovation.

5. CONCLUSION AND RECOMMENDATIONS
The findings of this study confirm that Artificial Intelligence (AI) adoption significantly influences accounting practices and, in turn, fosters business innovation. AI directly improves accounting accuracy, efficiency, and reliability while indirectly strengthening innovation outcomes through enhanced financial processes. The structural equation model demonstrated that accounting practices act as a key mediator between AI adoption and business innovation, highlighting the strategic importance of aligning technological advancements with organizational processes. These results reinforce theoretical perspectives such as the Technology Acceptance Model (Davis, 1989) and the Resource-Based View (Barney, 1991), which emphasize the role of perceived usefulness and technological resources in driving sustainable competitive advantage.
While the study provides robust evidence of AI’s transformative role, it also reveals challenges such as skill readiness, ethical considerations, and cybersecurity risks. These concerns suggest that organizations should not view AI as a standalone solution but rather as part of a broader strategic framework that integrates human expertise, ethical responsibility, and process redesign (Guthrie & Murthy, 2019; Richins et al., 2017). The findings align with prior research that recognized both the opportunities and risks of AI adoption in accounting and business contexts (Issa et al., 2016; Lombardi et al., 2021).
Based on these results, organizations are recommended to adopt a balanced approach by investing in AI technologies while simultaneously developing the competencies of accounting professionals through continuous training and upskilling programs. Strong governance mechanisms should also be established to address ethical dilemmas and ensure data security. From a policy perspective, regulators and professional bodies may consider developing frameworks that guide responsible AI adoption in accounting and finance to safeguard trust and accountability.
This study acknowledges several limitations. The sample was restricted to professionals in selected Indonesian business centers, which may limit the generalizability of the findings to other cultural or industrial contexts. In addition, the reliance on self-reported data may introduce response bias. Future research could expand the sample to include multinational corporations across diverse industries and employ mixed-method approaches combining surveys with case studies or interviews to provide deeper insights. Longitudinal studies would also be valuable in examining how the effects of AI adoption evolve over time and in capturing the dynamic interaction between technology, human expertise, and organizational innovation.
In conclusion, the integration of AI into accounting practices not only enhances operational efficiency but also serves as a catalyst for business innovation. However, its successful implementation requires a careful balance between technological potential and human responsibility, ensuring that organizations can harness AI’s benefits while addressing its inherent risks.
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